TANET20130 00 000000-00000O

A3 MapReduceH 2. pFF % FLfHenie F

ﬁ’Pﬂ/\

£ 4L
BEAEF

OB T 5% i 48 R 0

e
AP RE

ukliop0930@gmail.com, jsyeh@pu.edu.tw, s9871011@gm.pu.edu.tw

#e

B ForA R RS AF LS
Jerb i ® IFI BRI e 5 4R 0 e TR T AR
P2 AR RE R o - i 1% PR
BRNFEN Bt a2 R PARR - A
Frie- RN PREHEREORETFHTHRES 2
Bkt B AR A R B e PR R e A
B NLFROETRED L AFTIHEY 25
Hadoop - 5 % # » 2 MapReduce $£ k3t = = 7
OB sS4 R AR iy o

R BT Ay ik 41 2> MapReduce
Fopprenie TR T BN IR s R 4RI i B i
AL LHESRE G FREF RFRORTEHTH
N BERFEB S (e TRl B -
MasE @ 7 HF0 - JIBHFED - 2585
FOREER o

S G RET

MapReduce ~

Abstract

In order to effectively analyze the user’s web
navigation patterns, this study adopts the concept of
preference mining proposed by Chen and Yeh, and
introduces a new definition of web page’s weight for
the preference mining on web navigation patterns.
Moreover, the popularity of web pages may vary
during different seasons or time periods. Therefore,
this study also proposes a novel model of the
preference mining with time periods on web
navigation patterns to strengthen the concept of time
and discover more accurate web itemsets. This study
implements the proposed algorithm on the cloud

computing  platform, Hadoop, by utilizing
MapReduce technology.
The experimental results show that the

proposed algorithm on Hadoop platform is more
efficient and scalable than on a single machine
platform. The preference mining with time periods
on web navigation patterns can discover more
accurate frequent web itemsets.

Keywords: Data mining, Utility mining, Cloud
computing, MapReduce, Web mining.
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