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Abstract

Procedure in the identification of students with
Learning Disabilities (LD) requires a lot of time and
manpower. In order to reduce the evaluation
personnel's workload, researchers use Artificial Neural
Network (ANN) to develop an assisted LD students
identification system. The results show that through
MPI-based Parallel Distributed Genetic Algorithm
(PDGA) with ANN, the operation time and
identification accuracy may both be improved.

However, the MPI-based solution may have the
communication and data storage issues in the
distributed environment. In this research, we port the
assisted LD students’ identification system to the
open-source Hadoop framework. We redesign the
parallel genetic algorithm and map it to the
MapReduce program model, and store corresponding
data in the Haddop Data File System. To fit our
problem into the Hadoop environment, we design a
data file segmentation approach. In addition, we use
HDFS to store the elite chromosome, and to act as the
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communication media among the computation nodes.
By comparing results to previous study using
MPI-based solution, we have found that our solution
may have edge in the case of larger data set.
Keywords: Hadoop -~ MapReduce -~ Cloud
Computing ~ Parallel Genetic Algorithm ~ Learning
Disabilities
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